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Abstract
Digital Elevation Model (DEM) of the lunar surface is one of the data used to discuss landing sites and travel route candidates
for the lunar probe. When using DEM, if the DEM resolution is low, cannot grasp the detail for the terrain. However, the
creation of a high-resolution DEM of the lunar surface is expensive because it requires manual work. In this paper, we aim to
generate a high-resolution DEM without manual work by using a low-resolution DEM that exists for the entire lunar. In general,
the interpolation method is used to generate a higher resolution DEM from the existing DEM. However, the interpolation
method is not sufficient for use to discuss the landing site of the lunar explorer and moving path candidates. In this paper,
we consider that a method using deep learning that achieves high performance in image super-resolution can be applied and
verified the effectiveness of the method. In the evaluation based on the mean of mean error and the mean of maximum error,
the verified method generated a DEM with higher accuracy than the general interpolation method. However, we consider that
the performance is insufficient for discussing the landing site of the lunar probe and travel route candidates for the lunar probe.
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