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Measurement framework for thermophysical properties of molten metal oxides by aerodynamic levitation

Identification procedure of surface tension from static drop shape based on physics-informed neural network
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Abstract: When measuring thermophysical properties by the gas-jet levitation method, there is a

problem of uncertainty due to the fact that a part of the levitated droplet is hidden by the nozzle. In

this paper, we propose a method to identify thermophysical properties of a droplet by minimizing the

effect of concealment by the nozzle, based on a data assimilation method using a Physics-Informed

Neural Network, and a physical model of the droplet surface shape under pressure from the gas jet

in addition to Laplace pressure and gravity. The proposed method identifies the physical properties

by minimizing the effect of nozzle concealment.
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